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Scouting or stats? 
Why not both? 

 
But in a different 

way than you 
might think… 

 
Scouting reports 
can provide a 

valuable textual 
data source for 

an analytics 
approach 
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Over a half million words 

Seven years 
of scouting 

reports were 
used, for 

2010-2016 
 

Textual data 
comprised of 
over 583,000 

words 
 

More can be 
added easily 
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Massaging the text: exclusion lists, lemmatization 

• Text 
• text 
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Lemmatization: grouping together different inflected forms of a word for analysis 
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Exploring the data via topic extraction 

5 



Creating categories -> sentiment analysis 
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What constitutes “Poor effort”? 

Some of the 2-, 3-, 4-, and 5-word phrases 
categorized as POOR_EFFORT 
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Is “compete hard” = “compete harder”? 

Conclusion: COMPETE_HARDER is categorized 
as POOR_EFFORT, while COMPETE_HARD is not 
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What can we say about undrafted players? 

• Text 
• text 

 

Ottawa Hockey Analytics conference 2017 – May 6, 2017 9 



Undrafted players are better at… 
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Topic extraction (on categories)-> common skillsets 

Topic extraction yields familiar hockey archetypes 
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Predicting ESG/60 

Results for predicting 
AHL even-strength goals per 60 minutes 

This model used CHL ESG/60, GOOD_RELEASE, GOOD_EFFORT, 
POWER_FORWARD (not all positive coefficients) 

Ottawa Hockey Analytics conference 2017 – May 6, 2017 12 

   

  

 
  

Set of predictors Adjusted r2 Average cross-validation mean 
squared error 

Actual NHL team picks 2.9% 0.0573 

Performance Only 12.1% 0.0521 

Scouting Only 23.7% 0.0495 

Performance & Scouting 25.0% 0.0445 



Predicting ESA1/60 
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Set of predictors Adjusted r2 Average cross-validation mean 
squared error 

Actual NHL team picks 0.4% 0.0498 

Performance Only 5.1% 0.0485 

Scouting Only 14.8% 0.0450 

Performance & Scouting 18.8% 0.0425 

Results for predicting 
AHL even-strength primary assists per 60 minutes 

This model used CHL ESA1/60, GOOD_ACCURACY, POOR_INTANGIBLES, 
GOOD_RELEASE, GOOD_VISION, GOOD_DEFENSIVE_SKILLS, 

POOR_PUCK_SKILLS  (not all positive coefficients) 



Example – Alex DeBrincat 
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• Erie Otters, 5’7” forward 

• 51-50-101 in 60 GP in 2015-16 

• 65-62-127 in 63 GP in 2016-17 

• Selected 2nd round, 39th overall by Chicago 

 Our rank Actual draft rank 
(of 40 CHL forwards) 

Player (overall selection) Predicted AHL 
ES primary pts/60 

1 14 Alex DeBrincat (39) 1.53 

2 40 Ty Ronning (201) 1.51 

3 39 Dmitry Sokolov (196) 1.50 

4 22 Brandon Gignac (80) 1.50 

5 3 Alexander Nylander (8) 1.50 

6 1 Pierre-Luc Dubois (3) 1.40 



Conclusions 
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1. Draft analytics have outperformed team picks. 
2. Surprisingly (?) scouting-based analytics 

performed better than stat-based analytics at 
predicting future (pro) scoring rates. 

3. Using both together provide the best 
predictions. 

4. Scouting remains vital for assessing skills BUT 
5. Decision making on Draft Day needs to evolve 

to include draft analytics in a prominent role, 
including text-mined scouting data. 



Ongoing work - version 2.0 
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• Projections for both forwards and defensemen 
• Performance analytics for all four major junior 

leagues (OHL, QMJHL, WHL, USHL) 
• Scouting-based projections for all prospects 

(European, all junior leagues, high school) 
• Use both NHL and AHL target variables 
• Add 2017 scouting reports to corpus 
• Project future performance of 2017 draft class 



Thanks! 
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This presentation was based on a white paper by Timo Seppa, Michael Schuckers, and Mike Rovito 
 

 http://statsportsconsulting.com/2017/02/22/text-mining-and-improving-nhl-draft-analytics/ 
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